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Convolutional Neural Network +3u
Tassteuszamiinillodelunsudtom
ysduguamm Sdlunaduiiedunsuiia
24N13 Image Recognition N15¥1971ULUY
AT13 9 d3U01lY drgunndinssuiunis
Convolution Wiawfins1eaziden iy Noise
Titugd Input 9ntufild Polling Lilu ()
WANBLUU Average, Max) Ao viluii ols
fugaelunism Pattern Tud umousely
gniufith output Al desieldldTulua
Neural Network LﬁlaL’?EJujqu U Weight
way i liAanszuIunIsaeuliisnginus
8% Combination ¥81 Feature fighainin
sudrifumnedsesls lnensvuiuSeusas

gnviguieUsuAnsdinesvate 9 sou

102

(Epoch) tieliAn Error 9ann1svinunganas
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2.3 SVM (Support Vector Machine)

Support Vector Machine (SVM) + T u
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Face images
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Feature
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1 template
matching

Input frame

2™ template Feature
matching [ template

3 template Feature
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Matched: -45 degrees
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1. Edge features

1 [=F’ 2 g

(a) (b) (o) (d)

2. Line features

(a) (b) () (d) (e) l:) 1;.': (h

(0 (]

3. Center-surround features
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2.1.7 OpenCV

OpenCV (Open source Computer Vision)
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https://www.etda.or.th/th/Useful-
Resource

2. Deep Learning & Machine Learning
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is/neural-network/
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