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1. Upper Left = x1yl
2. Upper Middle = x2y1
3. Upper Right = x3y1
4. Middle Left = x1y2
5. Middle = xX2y2
6. Middle Right = x3y2
7. Lower Left = x1y3
8. Lower Middle = X2y3
9. Lower Right = x3y3
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confusion matrix 989 YOLOv5n
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Class navinueanaanUnenssy
mAP5 | YOLOV5 | Watpag
0 n
1000Ba | 0.913 | 1000Ba | 1000Ba
ht ht ht
100Baht | 0.858 | 100Baht | 100Baht
20Baht | 0.887 | 20Baht | 20Baht
500Baht | 0.994 | 500Baht | 500Baht
50Baht | 0.921 | 50Baht | 50Baht
Backpac | 0.941 | Backpac | Backpac
k k k
Book 0.35 Book Book
Box 0.888 Box Box
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Class | waviuwganaaildnenssy
mAP5 | YOLOVS | nalaag
0 n
Chair 0.671 Chair Chair
Charger | 0.701 | Charger | Charger
cable cable cable
Earpho | 0.948 | Earphon | Earpho
ne e ne
Fan 0.958 Fan Fan
Fork 0.874 Fork Fork
Glass 0.326 Glass Glass
Key 0.746 Key Key
Knife 0.596 Knife Knife
Mouth | 0.995 | Mouth | Mouth
mask Mask Mask
Outlet | 0.937 | Outlet | Outlet
Plate 0.65 Plate Plate
Spoon | 0.868 | Spoon Spoon
v 0.903 TV TV
Remote Remote | Remote
Table | 0.667 | Table Table
Vase 0.418 Vase Vase
Walking | 0.393 lai Walking
stick M99V | stick
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