uni 4

NaN1INAaDY

luunilagnanfinisnaassazranisnaass lunisirlueadmsun1sdwunauian

(Sentiment Classification Model) Aaa1nTUAuUNITAIEUIIY U1YINISNAADILNDIILUNUN

39150059 UNADINTATIEDY

4.1 dayanldlunimagau

Iauanlen1slunnaaunis

\Juyate

Y

Y

[J

MnUsenaud 4.1

Text
0 The story started after we ate at Baoshuan and headed downstairs to exit the hotel with alsmiles. Then, though our littl
1 This is worst and pathetic experience with The Oberoi New Delhi Zahir Hussain marg. Staffs doesn't know how to speak
2 Very bad Experience with property ever in my life and there is two Staff Member Vikrant and Jatin they miss behave..Dr
3 This is very bad property and pathatic services. Staff doesn't have manner to tall with customers. There is two staff Jz
4 On our second night, as we were about to enter the elevator, a guy in black from the front desk came rushing to us sa
51 checked into this hotel on Saturday and given below has been experienced Good experience The driver who picked
6 Coming from Europe I chose the Oberoi due to its excelent reputation... Before departure getting an exrtra bed for my
7 Seems like T over rated / over expected from this big old brand an otherwise excellent engagement with the sales, unti
8 Wanted to stay at the hotel and after speaking to the Sales Director, a room was booked for me. On the day of arrival
9 One of the warse dining experience as we booked for lunch buffet. The service was poor, empty dishes and even after
10 The hotel was oldfashioned and outdated in a bad way. Even the superior rooms were smal and desperately in need of
11 First off we have stayed at the Oberoi on two different occasions whie in Delhi and it truly is a beautiful hotel and lovely
12 After being left at the airport for over an hour only to get lost for two hours in a local taxi, the oberoi started their resolu
13 I'm in Delhi every month for work but this was the first time I have stayed at the Oberoi which on this occasion was for
14 I had money 180 stolen from my room on the last day of our holiday. Luckly I had gone to put the AED in t to chsnge
15 Warst experience I've ever had in a hotel in Dubai I wil avoid staying at this hotel from the staff, services, and outdatec
16 Service level was clearly shown before arrival when I tried to contact hotel and Accor customer service to update our res
17 I frequently travel, 2 weeks every month and in different hotels experiencing different levels of services and that is why
18 On checking in the lovely male receptionist offered us an upgrade for 1000 dirims. In total After two nights I had a bad
19 We were looking forward to our stay at the Fairmont hotel also due to its pool, beach and garden which can be seen on
20 Bad experience, the air conditioning is very, very, very bad, and there is a female employee in the reception who treats
21 My family and I checked in yesterday to the fairmont on the palm. Quite frankly, check in process was unprofessional a
22 \We booked Gold rooms and expected to be on levels 8 or 9 as per the website. We were allocated rooms on levels 3 a
23 READ BEFORE YOU TAKE YOUR FAMILY!Don't recommend this hotel for the price. T took my famiy of 5 here with a 1
24 Probably the worst hotel Ive ever stayed in in Dubai. Arrived at 9am had to wait unti 3pm for a room, I booked a sea
25 We have been regularly visiting Little Miss India, and the experience have always been nice. This time, it was my wife's
26 This is the 56th time I have stayed at the Fairmont Palm in the last 8 years. There was been significant deterioration ov
27 My stay at The Fairmont Hotel The Palm was a disaster. The hotel was very extremely dity, bed sheets smells bad an
28 The hotel is nice, but there is CONSTRUCTION works going all nigh just in front the building beach side. It is impossible t
29 Lovely hotel haveztayed in better, but there are buiding works on vither side of the hotel as wel as further down on We

aalumadmTuNMSTIMUAANNIAN USRIl Taus U T2

yanagoy (Test set) INTIUNTEY 9024 Taniy Mivegluguuuuveting .csv A

RateType

o | o o[ o o | i ot o | o e | | o | i e [ { g

AMNUILNUN 4.1 F9g19UNINSALSILSUNITIUNITNAFDU

4.2 wan1snaassvaslunananel (Result)

T otz naniaNanISNAaIaNUALUTZUUNIT AT EAUALLUUYDIUNINNS AILT IS

1%

Faladnisafrslunaainlunawuunsiuanesuitesuuy BERT-base uagid1gdunau Fine-

Tuned sigyatoyayndou (Training set) lngran1smaassvadluinangnuseidulszavsnn



63

MIUANTNABUTITIUNI AT (FIRN5199 4.1) ATAIANUSEAN ANAMULLUEN way Fl-score (A4

M9797 4.2)

M19197 4.1 peuihituuvsndvadiinanisiuunaIuidnanluma BERT-base

Actual Results
Positive Neural Negative
Positive 1918 66 23
Prediction
Neural 63 1716 243
Results
Negative 11 164 1825

M19197 4.2 UananTinUseansnmuadunan1sduunauianainlung BERT-base

Class Recall Precision F1-score Accuracy
Negative 0.9125 0.8728 0.8922
Neural 0.8487 0.8818 0.8649
Positive 0.9557 0.9629 0.9593
Average Scores 0.9035 0.9041 0.9038 0.9055

o o el' v v - o

NHANIINARBIRITkANlUR15 19N 4.2 wanslmdudinisasraueaiiion1sdwun
AMUTANINUNTATAILS TN UL NS U UNDY0IAIAIINTEAN AIAULIUET waTA
Anugneedliegedmela Wesin

luyuueeAIUA Recall U BERT-base dnsiseuiwuusialilos (Sequential Learning)
Fahglilnaaunsadilannuninevesssleaniatemnuidudoulsilueded n1siseui
wuUsotilaereli BERT-base 1115090 4ALIEUAN WML NN 83U UTaANUTNADINTT
FuunANuianiioguiugn Fedanaliian recall g9 ins1glunaaiunsansiadutoninud
a Yy o Voo . Y a
Wendesiuanuian (Sentiment) lovangnsel

lusuNessuAT Precision HuU Li199310 BERT-base dmnuanunsalunisiilanasse

2

=)

anvazingtesiuuseleaniedennuitdenisdiwunanusdn lunaaunsaasnsteniny

v a;' ) Ve v & I A = o | a1 .
gndeafeafiuanuidneeninlailuegned deailugnisiian precision @9
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TuguneesuAT Accuracy 1 BERT-base Wuluwnaifimnududounazgnilnasusie
Joyadnuiuinn Fehelianunsadundeyaninuianliegegndesug Auiudsdmalvien

accuracy ’E.:JN
4.3 nMnagaulUIsuiisunulunanisdnuunauiinaue

luidetazilumanisdwunaiuannasieandaneinudus unuseuneuiy

luman1sduunadudnanlumaluunsiuanasuiuesiuu BERT-base lngluinanisdnuun

A

ANNIANTIAT9INEANeTINAU ) Tuazad1vTuNlunaYnaey uaznadeulsEansawlueg
AI8YaYaYANAABULAEINUAULIAANITIIRUNAIINFANAIN LAARUUNIIUAN DSBS WUY
BERT-base uarinUszdnsainsieinasidediu laglunanisdiwunaiusaniiumaaaull

Viaviaa 4 sUwuueadl

wuud 1 Tuanissiuunanuddnaniieutlndifesiiqa (K-Nearest Neighbor:
KNN)

WUUT 2 LUAaNIsIMUNAINTANIINTNNDI ALINLABT LUYTY (Support Vector
Machine: SVM)

wuuil 3 Tumansuunau3@naintngy (Random Forest: RF)

LUl 4 laeanisiiunausananlunaluunsuanesiuesuy roBERTa-base

4.3.1 wansnaaesiuliansiuwunausdnanieudulndifiesign (K-Nearest
Neighbor: KNN)

M13199 4.3 ABUTRTWLNINEURLlAANTTTILUNAINIANINSANDTNL KNN

Actual Results
Positive Neural Negative
Positive 2865 61 78
Prediction ' \oral 1407 1167 129
Results
Negative 1321 475 1221
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a % a a [ =2 v a <
M990 4.4 LLﬁ@Qﬂ’]’i’Jﬂﬂ‘é%ﬂWﬁﬂ’]WﬂJ@ﬁINLﬂaﬂqiﬁ]WLLUﬂﬂﬂ’]ﬂJEﬁﬂﬁ]’]ﬂaaﬂa’iﬁ/lll KNN

Class Recall Precision F1-score Accuracy
Negative 0.7066 0.4047 0.5146
Neural 0.6853 0.3886 0.4960
Positive 0.5122 0.9537 0.6665
Average Scores 0.6347 0.5823 0.5590 0.5821

TulassudSaygninusily KNN sl K dwii 3 mnussuieulunaves
MIATEsinL{AnTiasnaain KNN uay BERT-base aznuin KNN agliuszansamennia
BERT-base anunsnuedluusafialddail

1. nMseuswuukuIng: KNN 138n1siSsuiiuuwuengy (instance-based learning)
FaazlddoyaniniFouiiioduundluuszloaviedennmiidesnisiiased Tnonismdad
TndiAgstuiignarnyadoyanisiFous (training dataset) aglusuvisilmiloudy usfausiin

KNN 22ad141509704unAluyseleans o9 omui inataealile wen1siazidsguti e

=

Uszansnmuuusioiileauazaenndesiuanuduieuresstlonniedeniuiifesnisiingz
92yil9f KNN flUsz@nsa1nanndn BERT-base Mi3ousuarfidlannumnevesuslonuay
LR FLERE LR

2. n3uUasAT (word embeddings): BERT-base in1silngeun1an1sulasen (word
embeddings) Viﬁmm%’u%’auuazmmiaL?’J’ﬂﬁm%wLLazmmé’uﬁuﬁiwdwﬁ'ﬂé’aamgﬂG’faq
vl BERT-base anunsardlanazdidtlannumunsvesszloaniodenrudideanisdiuun
sentiment laduagnad lunnseiudia KNN lulgdinsSeuianuninevesdvioUsslon us
szngreudnundeyanuauadieadstuvesdlugadeyanisioud deenavidlida
aaraedeulunIsTuun sentiment ¢

nmARaT UL 1ieTsusuUszAnSaImsend 1 KNN waz BERT-base 1u

sentiment classification 3¢WUI1 BERT-base inazlvinadnsfnanin KNN Iaeviqll lnganiy

Wellmnududeunaranuvinendudeululseloaniotonnnuineansiuunanuian
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4.3.2 Jman1siuunauianandwnesnaninakuydu (Support Vector Machine:
SVM)

M19197 4.5 ApuiTuuvsnguadiinanisTwunAINidnINdana3iu SYM

Actual Results
Positive Neural Negative
Positive 2711 141 150
Prediction
Neural 202 1513 1352
Results
Negative 98 a4 2813

M13197 4.6 kAAINTIAUTEANSANYBLULAGNITIILUNAINIANIINEANETNN SVM

Class Recall Precision Fl-score Accuracy
Negative 0.6519 0.9519 0.7738
Neural 0.8910 0.4933 0.6350
Positive 0.9004 0.9031 0.9017
Average Scores 0.8144 0.7828 0.7702 0.7798

a &

TulassnudSygrinusidlu SYM sauduilsddugiudasadl (Radial Basis Function:

g v s

RBF) Tng SVM Liudanesfiulunisduundeyailinnmesifutugiilunsaiiaduutauen
Toyaseninengu w1 SVM amnsoliinadnsi Alunargauidudeuls wilu sentiment
classification U19ATa SVM 219lsiUszAvEAmiisng1 BERT-base frewmuasieluil

L MsHUNbUURadL: SYM vinnsdnkunlaenisasisdusdasensenintangudeya
Tusiadu (Linear Separation) Fsenavitlienniiazsuundviedeanufidiaududeunield
annsouenlddoidunsavindy wWu nsdidddfanumnewdsuuaduegfuuiunvie
Useloafiiendos

2. MIFIATBIUULTRdURDY: SYM Tdn1sdnTesuuuifaduiion (Linear Ordering)

]
o

Tunsduunngudeys Belilawnsansiaduanududounazauduiusndudouseninedmie
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]
o

Uselealaeeg1sasiBuamilou BERT-base lFeusuazdaiosdoyaluuuuuiidudounay
ATBUAGY

3. NSALS OUAULUIT LU MLNZEL: SYM 913N UTa30 Al UNITIALS 9LE ULy 99 Lol

1
aa v =

wingandmiuleyandudouriaiianuvainviaeann wu nsdinteyaiinisnszarediiuul

anaevsetayanueniuegluszauas

1%

4. ANMUTULIUYRINSUSEUNANE: SVM anadanududeaulunisuseuianatileivoua

Y

sala

el tnefidesdidnsdenuazufumaimesves SYM Timueay wWelildnadnsin

sy Fsamnsaasulenn SvM enaliiusyanBaimeindt BERT-base lu sentiment
classification Lilasan SVM Sdedrislumsiuundeyaiimududeunisliamnsausnues
I@shoidudaduografor luvaedl BERT-base dauaunsalunisfidilenuvaneuas

ANMNAUNUSVIU T LeAYS aTDANUNTUTDULINNIN
4.3.3 Tuman1sduunauidnainUigu (Random Forest: RF)

M13199 4.7 ApuThtuuvInduatliunanisikunaNFanINdane3iiy RF

Actual Results
Positive Neural Negative
Positive 2611 246 74
Prediction
Neural 1862 853 238
Results
Negative 1622 651 801

M19199 4.8 LanINTIAUTEENSAMTBLlIAANTTIUNANIENINSANDTAN RF

Class Recall Precision Fl-score Accuracy
Negative 0.7197 0.2606 0.3826
Neural 0.4874 0.2889 0.3628
Positive 0.4345 0.8932 0.5846
Average Scores 0.5472 0.4809 0.4433 0.4799
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Random Forest 1udanasyiuf g nannisvainisasreaulinisandula (Decision

Tree) viangausnglunisduundeya w1 Random Forest asnsalvinadnsnalumaigu
16 wsilu sentiment classification U19A39 Random Forest #13lUszanSn1niisinin BERT-

base felsRanalUl;

% 91VLSJ v A

1. Yaannavesruliinisdndula: wilin Random Forest agldvatadulsilunisanwun
14 1 1 1% Y a v o % a [} 1% q! o ¥ 1 [ o
Joya windazauliifinsdivedninlunisinitaarduiundeya Feeavinlviginsenisdnuune

A v Ao o v = Ay a ¢ 1 a

73999ANUNTANUTUTaUNS 0UsE LUATNABINIT AT IZIDE9ALLD R

2. msendulantdwunzay: aulidnisandulaly Random Forest 81afnaulan bl
wingasluunsil lnglanzideiiveyanilanududeunsonnuduiusndudouseninadvse
Uszlea 9 BERT-base Nlin1sinaounaziSausaumnevesussleanazdaniuiuegis
azdunausndIneavdndulalastegndesinndd

3. AnugutauluniIsUsTaana: Random Forest @13dlanududaulunisussulans
Welldeyavuialng lagiidesrdedanisidenuazusunisndinesves Random Forest v

a ] U caa
Wilnzay Lielilanadwsng

'
a o

a3Uuay Random Forest 91alviuse@nan1maindn BERT-base Tu sentiment
classification L#84371n Random Forest 13ildadninlunisiuundeyaninnududeunialyl
annsauenuezlamenulinisdndulaegruses Turaen BERT-base dauanunsaluniss

Whlapuvinguaraudiniusveslseleaniatenuidudounnnnii
4.3.4 Wwan1sduunanuidnannlunaiuunsuanasuilesuuy roBERTa-base

M13199 4.9 ApuTituLvsndvadinanIsTwLNAINIANIINLUAG roBERTa-base

Actual Results
Positive Neural Negative
Positive 3001 aa 14
Prediction Results | Neural 57 2721 216
Negative 11 217 2673
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M13197 4.10 Lanan15InUsEaNEAMTadlman1TIHUNAUIANINLUAA roBERTa-base

Class Recall Precision Fl-score Accuracy
Negative 0.9238 0.9232 0.9235
Neural 0.9125 0.9088 0.9106
Positive 0.9557 0.9629 0.9593
Average Scores 0.9307 0.9316 0.9311 0.9382

roBERTa-base ifhujuiiufutsses BERT base lagl#iBnsiidudoniulunisiinaon
wavU3uusslamanelu BERT architecture Faiumnnadivill roBERTa-base Tiszansam
fifinri1 BERT base lu sentiment classification #i:

1. nsfinvnavesteyansiinaeu: roBERTa-base fteyanisiinaousnnnin BERT
base FetelilunaannindeuiaumneuasauduiusvesduasUsslonlfunty

2. maiudiuaumstingeu: roBERTa-base grifndeuluszesnaniiuiutuuasdeg
foyauntu yililuesanunsaFeuiuasfinnudoyalusyduganniy

3. msdseuazaudnuedlinna: roBERTa-base dd1uruveaiues
transformer 1nnn BERT-base wazgriindeuluszozinaniiuiuiu dsaslilueaauns
Bouduarindosdeyaludnumeiitudousazasounquuiniu

6. nstdedamlenesiinia (overfitting): roBERTa-base T3amsifinaunnves
doyansfinasuuszmsfinaeuluszernaniiuiuiu fusandgmlenesinisioainiulu
BERT-base

5. mMsUFuUsInsHinaew: roBERTa-base losunisusuugdlunseuiunmsiinasuuay
ndinaulaielildnadnsantulunssuun sentiment

@3Uua7 roBERTa-base TWseAnSamiiAni BERT-base Tu sentiment classification
iesnmsvuuslunssuiunsiinaeunaslassairuameluiivaglilumaiinnuasaluns

Sguiuazinnudeyalaandi

NATNMTIAUTEANS A Nvelinadue aunsaasukaziUSeuiguUsEaNSAINYes

Tunalanadl
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M13197 4.11 asunanisaaeuliinauaziUTeuigulssansnmveslinaluunge

Tuina Accuracy AANNSZAN | AMAULAUEY | A1 Fl-score
BERT-base 0.9125 0.8728 0.8922
0.9055 0.8487 0.8818 0.8649
0.9557 0.9629 0.9593
Anade 0.9035 0.9041 0.9038
roBERTa-base 0.9238 0.9232 0.9235
0.9382 0.9125 0.9088 0.9106
0.9557 0.9629 0.9593
Anade 0.9307 0.9316 0.9311
KNN 0.7066 0.4047 0.5146
0.5821 0.6853 0.3886 0.4960
0.5122 0.9537 0.6665
Aade 0.6347 0.5823 0.5590
SVM 0.6519 0.9519 0.7738
0.7789 0.8910 0.4933 0.6350
0.9004 0.9031 0.9017
Aade 0.8144 0.7828 0.7702
RF 0.7197 0.2606 0.3826
0.4799 0.4874 0.2889 0.3628
0.4345 0.8932 0.5846
Aaae 0.5472 0.4809 0.4433

1NMS19 4.11 A8fiuTn roBERTa-base 19UseanNsAmanIn BERT base, KNN, SVM

Ay Random Forest T4 sentiment classification vl@931nn1sinadauwazn1sUsSUUTINazLden

q

4
= IS

wazdudouvasluinaly roBERTa-base WrelvlunalsouiuazAnnudoyaldds sTuuay
mmmmaﬂumﬁ@Gwmmﬁ’wLLuﬂSéTmﬂaﬁmmzamnﬂ?JﬁTu iloswn

1. Pre-training 8819ax188a: roBERTa-base lasun1sinaouluszauadnni
159U (word level) Wagseaudiuvasdn (subword level) lagldUayadnuiuiin Feaely

sruuisguiuaziilamdniuazanumingluuselealaangaunnauy
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2. Masked Language Model (MLM): roBERTa-base 41514 MLM lun1sinaou
Tuaa Tngnsinaeulualiandriignaeulfluuszlen deaglilueaisoudanuduiiug
seninAuazUsEloalanndd

3. Dynamic Masking: roBERTa-base n151438 Dynamic Masking Tun1sinaou
g ovilsiend gnaouliludsgloaasululuudazseunisiinaeu v lwlumadnsisous
arwduiugvesdlumaiivannvansnniu

6. m3vEuuUdY (Random lteration): roBERTa-base l#ldnsviduuugly
nsfinaeu Tan1slédeyanindumesideuind uwaglénssuiunisduiieadneiiogans
fnaeuiinarnvansnniy

5. msufulgslaseadne: roBERTa-base Idsuntsususslulassasafidudoudy
WU N1 NTIUIULaLEeT transformer, A1FUTUAINITILLRDS 7199 798l lunadl

AndansalunsiniseuazIuundeyaniinid



