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2.1.2. Convolutional Neural
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2.1.6 nsuszidudszansnan
(Evaluation)
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True Positive (TP) A9 A1YIIUIE7 1934
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False Positive (FP) A A1Y11U1871934
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True Negative (TN) fio Arviuea1liass
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False Negative (FN) fi Avinuneinlaiasa
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(2) Anszan (Recall)
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(TP) ysAnanrsala3 e unaradi i
ﬁmimﬂg&gmmmﬁm (TP+FN) Anuaadlng

Aun15Ratl
Recall TP 1
et = TP Y FN @
(3) ArAULUUET (Precision)
Afluwarinneluaaaniidsiansangn
(TP) vsANlumavinunedunalannnga

ﬂmimwﬁqg_]mmzﬂm (TP+FP) Audaulag
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Precision = TP 2
recision = TP T FP 2)

(4) ArAUgNABY (Accuracy)
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V?WU’WEJQﬂ‘I;FQMJJﬂ (TP+TN) ¥15A% aAn

(TP+TN+FP+FN) Anuiailagaunisnal
TP + TN
(TP + TN + FP + FN)

Accuracy =
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Preparation)
Tunsifudoyalunisided 1évh
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4. NaN1INNAd

4.1. /N1MABY

NYAY 0L ad 1Ty Fine-grained
favun 16,967 nm wazyadoyadiniy
Multi-label fistsmun 13,864 aw lasusias
Luaanunsawusyadayasandu 2 duu
oA gadoyanisiseus 80 wWosidus uay
yadeayan1sninaay 20 wWosidud

M1319% 1 Nsuustoya

Iuudeya

n13 N3 N3
Classification o
bIUUF | MTIVEDU | NAFBY

(80%) (20%)

Fine-grained 12,994 3,973

2,558
Multi-label 11,092 2,772

NsRIAINISENASTeus

o & = a 1%
13790 2 ﬂ’]imﬂﬂqﬂqi&lﬂﬂ'ﬁlﬁﬂug

Function Description

Threshold 0.5
Arnanglunishuad

AU

Epoch 15
AVUATOUNS

Seus
Y

Batch size 32

VUIAVBIYAT YA

Train base CNN | Inception V3,
Hnnisieuslaeg | ResNet50
dnuiiv
AMANYALLAUYBY

JUnw (Feature

88

dl 5 ! =2 a o/ !
AN 3 N1TENAINITHNNTGLEUT (AD)

Function Description

Extraction)

Image size 277
AMAUAYUINNINN

ALYNISRNNINUA

Activation for SoftMax
Multi class
wUaswasauiiolil
lANaansaNNS U
MSIANLIANYENY
WG 91 Y9 VU

Jannaa

Activation for Sigmoid
Multi-label
wUaswasasiioli
lanaansdmsu
N3IANUIANLA

Y

20

Optimizer Adam, Learning

rate 0.00001

4.2. MIUsBUNBUUIZANTAINNNS
$91anaantnenssa CNN

Tun1sTrwunatewug b Ussy ne 4
swdvandeunssy CNN Taevinnsidenty
an1Unenssu Inception V3 1ay ResNet50

o o A a vaal a a
MNEAULHEMINANSIS B UMY AT AN
nanga logvinn1suziludseansnmlung

28 confusion matrix lun1sNAaItl Loty

Foyalun1siTeus lun1sv Fine-grained



classification @ suagiug N15911 Multi-
label classification d@suy w1 @63 YU
UaanAs
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confusion matrix fUYAUBYANTIIEBY 20
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(Recall) A8 Confusion Matrix fidarnans
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f9819n15%1 confusion matrix lagadl
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Predicted label
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Confusion matrix
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ResNet50 waglavinisnadaouny
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Model HaaY
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Precision WAz 1 Recall A wagid 91
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5. d@5Uuazafus1eNan1Magaes

5.1. dyunaunazaiusngna

Immuﬂ?@yﬁyﬂﬁwuﬁ‘aﬂ’ufﬁﬂLaua
FTUUAUMAUYAI8N9L8U3 198N (Find
My Dog application using Deep Learning)
lngldanrUnanssu Inception V3 Lag
ResNet50
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Tunaiisndudenisiluyssyndlduy
Application
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Uszananaull Application launluinaany
fiug 3 ma @i 1esnndannugndosgs

WazHAN1SVAFBUAUAINATY 100 AMENG

90
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5.3.3. A1TWAU1EIU Application
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