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2.2 NM338U3LTaEN Deep Leaming [2]
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sULUUNIadanuIany oy a 1ae Deep
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q landuiazdoad osdar1ug(Input
layer) nou mmfu%ﬂsmﬁuéqwffau“a
(Hidden layer) hagul@ueni ounuesn

AU (Output layer)
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2.3 MInT193UIAY (Object Detection)

M5799Umg) %138 Object Detection
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Object Detection A & (Classification) +

(Localization)

2.4 R-CNN
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CNN
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2.5 Fast R-CNN
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2.6 Transfer Learning

{1491 Deep learing [4] Ttlaymn
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ResNet50 Lay VGG16
2.6.1 Restnet50 [5]
ResNet 41210 Deep residual Network
LLﬁJﬁnyM’IL?aQ vanishing gradient 4 44An
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FruuFuUve network A 152 1ateed (8
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65

9onwuUU module 7fidnwazn1adaasly
network 2lAs99181 Ussnoudaeiy 4
block Tnggrurudifinisifmesdmsuiln
VinunAeduiildionde 1wy ResNet50
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. U° 4 ResNet18, ResNet34, ResNet50,
ResNet101 1ay ResNet152
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2.6.2 VGG16

lutaa VGG v'au191n Visual
Geometry Group 1nodsiLdugatauves
VGG16 A on15uNuv hyperparameter
$rwaun wuluiinnsesnuuudu (Layer)
conv2D 3x3 pixels, 1 stride wagn1sla
same padding & ¢ maxpooling 2x2
pixels, 2 stride LLUULﬁaaﬂ“umaamﬁy’q
Tnseada lnedoues VGG16 nunededl 16
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