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Table: 20

Staff: Pimpavee Pimpavee
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Date: 10/01/21 lime: 19:42

p Buffet w1 199 398.00
2 ik 78.00

q hathhy 0.00

1 ik .00
4 M MAY 0.00
Ttems: 7 /
Subtotal: 476.00
Total

Cash 476.00
Change 0.00
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n1staenly Optimizers 3 Uszian lawn
RMSprop , Adam &y SGD 4il 991IHaN 15
SouiAiuszansamiiaan Tnglunis
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LAYANAARY 20% MI1uIuTaU (epoch)
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14 2 Model
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SoftMax Activation ReLU Optimizer
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3 mpsduanu | dernuidgndas
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dwau | dwaw | e | dwa | e
darw | oy | gnsias | doeaw | gndes
fivun (%) (%)

29 26 89.65 9 31.03

Table: 38 Staff: Pimpavee Pimpavee Guests: 2
Date: 10/01/21 Time 19:48 2 Buffet \ifa nzia
299 598,00 Wwuhdagiu 0.00 wilene 0.00
auusniile 0.00 tems: 5 Subtotal: 598.00
Total: 598.00

uavhuegndias

[Guests:] [2] [Date:] ['598.007 ['0.007 [0.007
[0.007 [ltems:] ['598.001

A9 6 FIDENNAANSNITYINUNY AN

s msnsdumy | dearmidrgndas
AT gnfas
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dwa | dww | anw | dwau | e
dory | Yoy | gadies | demnu | gades
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34 31 91.18 9 2647
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Table: 33 Staff: Pimpavee Pimpavee Guests: 2
ID: 6QGOX Date: 10/01/21 Time 20:17 2 Buffet
il vivva 299 598.00 dheeny 0.00 it

0.00 QWL\T‘WTZE 0.00 Items: 5 Subtotal: 598.00
Total: 598.00

wavhusgniag

['Guests:] [2] ['Date:] [21 ['0.007 ['0.007 ['0.001]
[tems:] ['598.001]
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30 26 86.67 9 30
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Table: Staff: Pimpavee Pimpavee Guests: 2
ID: MBILO Date: 10/01/21 Time 20:13 2 Buffet
il vivia 299 598.00 0.00 000 swusnile
0.00 Items: 5 Subtotal: 598.00 Total: 598.00

uavhunegndad

[Guests:] ['2] [Date:] [0.007 ['0.007 [0.00]
[items:] ['598.007 ['598.001
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